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1. INTRODUCTION  

The rapid growth of Artificial Intelligence (AI), particularly 
generative AI, over the past three years has created a new paradigm 
in language education globally (Smith et al., 2024). In this context, AI 
is no longer merely a passive background technology; rather, it exists 
as a dual instrument that fundamentally impacts the academic 
ecosystem by generating content and acting as a research object 
(Hetzscholdt, 2024). In other words, AI serves as a tool that assists 
researchers in analyzing data and compiling research results, while 
also positioning itself as a research object of interest to be examined 
from various pedagogical perspectives. 

Currently, the dominant topics in Applied Linguistics literature 
focus heavily on ELT as the primary methodological practice. The 
majority of emerging studies focus on how AI affects students' 
language skills, such as writing and speaking (Al-nofaie & Alwerthan, 
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2024), affordances and challenges in its uses (Almegren et al., 2025), 
and effectiveness in the classroom (Hasbi, 2025; Rasool et al., 2025).  

However, amidst this massive volume of research, there is a 
critical neglect of the theoretical foundations and methodological 
validity used. Despite this growing body of research, limited attention 
has been paid to the feasibility and conceptual validity of using AI as 
a subject or data source in linguistics research. Most studies tend to 
be descriptive and pragmatic, without questioning whether linguistic 
constructs designed for humans remain valid when applied to non-
human entities (Dascal, 1992; Pinell, 2024) . This imbalance 
underscores the urgency of re-examining whether the current 
direction of AI research in ELT is based on a solid conceptual 
foundation or simply caught up in a momentary technological 
euphoria. 

 

2. DISCUSSION 
To address the previously raised doubts about conceptual validity, 

this discussion will outline the fundamental differences between 
using AI as a technical instrument and AI as an object of study. This 
sharpening of perspective is necessary to prevent researchers from 
falling into the misconception of equating machine statistical 
processes with human linguistic awareness. 
2.1 AI as a Tool vs. AI as an Object in ELT Research: A Line of 

Demarcation  

 While AI in ELT is a practical evolution of older tools used for 
grammar checking and transcription, a conceptual "trap" emerges 
when researchers treat AI as a person rather than a piece of software. 
When studies analyze whether a chatbot is being "polite" or how well 
it "understands" social cues, they mistakenly attribute human-like 
intent and cognitive processes to what is actually just high-level 
statistical processing. Supporting the statement, Woudenberg et al., 
(2024) add that AI fails to meet the criteria of authorship because it 
cannot perform illocutionary speech acts such as promising or 
asserting, lacks the fitting mental states like knowledge, belief, or 
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intention, and cannot take responsibility for the texts it produces. In 
reality, AI does not choose to be nice or have a goal in a conversation; 
it simply uses complex math to predict word patterns based on 
massive amounts of data, enabling it to predict word patterns 
effectively (Cerf, 2023). This distinction is vital because, unlike 
humans who speak to share genuine feelings or ideas, AI generates 
text without any conscious awareness or "mind" behind the words 
(Negura, 2025). In other words, even though AI can reliably generate 
linguistic content that can be interpreted as “texts,” they lack the 
linguistically mediated reality that language provides (Pinell, 2024), 
making their output a simulation of language use rather than genuine 
expression of feelings or ideas (Sambrotta, 2025). Failing to recognize 
this creates an illusion of understanding, leading researchers to 
flawed conclusions that treat mathematical outputs as if they were 
human thoughts. Ultimately, viewing AI as a "someone" rather than 
a "something" risks losing the essential human element of language, 
replacing genuine social interaction with programmed mimicry. 

2.2 The Trend-Driven Research Phenomenon: Between Innovation 
and Superficiality 

The academic world of ELT is currently experiencing what could 
be called "AI fever." Students and researchers often feel pressured to 
follow the latest trends to ensure their work is deemed relevant or 
easily published. This phenomenon has triggered a massive shift in 
research topics, sometimes ignoring the fundamental principles of 
theoretical fit and methodological feasibility. Many turn to AI 
research without a philosophical understanding of how large 
language models work (Kumar, 2024), which is crucial for effectively 
engaging with AI research and applications. As a result, there is a 
tendency to replicate older studies but replace human subjects with 
AI. For example, if students previously studied "Student 
Communication Strategies in a Speaking Class," they now try to study 
"AI Communication Strategies in Discussions." Pedagogically, this is a 
serious problem because it overlooks that human communication 
strategies arise from the need to overcome cognitive or 
sociolinguistic barriers (Baum, 2020) whereas AI "responses" stem 
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from mathematical optimization (Cerf, 2023). In addition to that, Lin 
(2025) critically identifies six interpretive fallacies that undermine the 
validity of replacing human participants with AI in behavioral 
research. This trend-driven research often sacrifices depth for speed, 
resulting in a limited understanding of genuine human-machine 
interactions (Guzman & Lewis, 2020) and futuristic findings that are 
actually conceptually fragile. 

2.3 Conceptual Challenges and Methodological Feasibility: A 
Fundamental Critique 

To understand why AI research in Applied Linguistics requires 
extra caution, we must dissect four key challenges that are often 
overlooked by today's researchers. 

a. Lack of Human Agency 

The essence of language is agency and intentionality (Searle, 
1969). In Searle's Speech Acts theory, an utterance consists not only 
of words but also of the speaker's intention to do something (a 
promise, a command, a statement). AI, by its very nature, lacks 
intention (Montemayor, 2021). It simulates communicative behavior 
without participating in social meaning-making processes (Negura, 
2025). When an AI "apologizes" for misinformation, it does not truly 
feel guilty or have a moral intention to improve social relations. This 
problem extends to the issue of identity construction. In Applied 
Linguistics, we study how language is used to construct personal, 
social, and cultural identities (Hasbi et al., 2025a). AI has no genuine 
life history, no body, and no emotions (Xin, 2018), which are crucial 
for authentic personal and cultural identity construction. Therefore, 
research attempting to analyze cultural identity in AI-generated text 
is actually analyzing training data bias, not a living identity 
construction (Pinell, 2024). Ignoring this lack of agency leads 
researchers to erroneous conclusions about the nature of the 
language they are studying. 

b. Absence of Social Embeddedness 

Language never exists in a vacuum, as it is always socially 
embedded (Bacchini, 2015). Theories like Brown and Levinson's 
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politeness (1987) are based on the concept of "face" and social risk 
in human interactions. People are polite because they care about 
long-term relationships and their social standing. AI has no social 
standing (Tække, 2025). It does not risk losing face and has no stake 
in power relations (Maas, 2023). When researchers attempt to 
analyze AI's politeness, they are essentially analyzing word 
distribution patterns that mimic the language etiquette of a data 
corpus. Without social embeddedness, linguistic analysis of AI output 
misses the most essential sociopragmatic dimension. Similarly, on the 
issue of gender, AI has no experience of being male or female, so the 
"gender language" it produces is merely a reflection of stereotypes 
embedded in big data, not an authentic expression of gender 
reflecting societal biases embedded in language, rather than the AI's 
own experience (Duan et al., 2025).  

c. Absence of Developmental and Cognitive Processes 

One of the pillars of ELT is an understanding of how humans 
acquire and learn languages (Basturkman, 1999). Theories such as 
interlanguage explain how students gradually construct linguistic 
systems through cognitive trial and error (Ellis, 1999). AI lacks this 
stage of cognitive development (Hasbi et al., 2025b). It does not make 
"mistakes" due to forgetfulness or native language interference like 
humans do. It makes errors due to parameter limitations or 
incomplete data (Rolls, 2024). Therefore, applying traditional error 
analysis to AI is conceptually inappropriate. AI does not possess 
pragmatic competence developed through real social interaction 
(Kecskés & Dinh, 2025). Researchers who fail to understand the 
distinction between human learning and machine training will 
produce highly misleading interpretations of language learners' 
abilities. 

d. Prompt Dependency 

From a methodological perspective, AI research faces significant 
challenges related to replication. Data in traditional qualitative and 
quantitative research typically possess a certain degree of stability 
(e.g., written text or recorded interviews) (Bernauer, 2015; Perrin, 
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2001). However, AI output is highly dependent on the prompt or 
instructions given (Hastomo et al., 2025; Yifeng, 2025). If a researcher 
evaluates the quality of AI-generated essays without documenting 
every detail of the prompt, temperature parameters, and model 
version, the data cannot be replicated. This instability makes many 
research claims about AI capabilities extremely fragile and only valid 
for a specific moment in time on a specific server (Antun et al., 2020 
). 

2.4 Implications for Research Validity: The Threat of Overclaim 

The inconsistency between human-centered theory and machine-
centered research subjects ultimately threatens the validity of the 
research as a whole (Gebru et al., 2022). Many linguistic constructs 
were originally developed to explain human language use, making 
their direct application to AI-generated discourse theoretically 
problematic (Pinell, 2024). Construct validity is weakened when 
researchers no longer measure what they are supposed to measure. 
For example, if researchers measure AI creativity, are they measuring 
creativity in the human cognitive sense, or simply the algorithm's 
randomness? Without this clarity, AI-based ELT research risks 
becoming mere software testing wrapped in linguistic jargon, 
ultimately contributing minimally to our understanding of how 
humans learn and teach language. 

 

3. FUTURE DIRECTION 

After mapping out these challenges, this section offers a roadmap 
for researchers to avoid being trapped in criticism, but to be able to 
conduct more meaningful research. 

Researchers must return to their theoretical roots. Do not treat AI 
as a second human. If they want to research AI, use an approach that 
recognizes its identity as a digital entity. Focus on analyzing text as a 
digital artifact or using AI as a catalyst to spark students' critical 
thinking. Researchers should be more courageous in exploring Critical 
AI Literacy, where the focus is not on how great AI is, but rather on 
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how humans respond to and critically analyze AI output (Long & 
Magerko, 2020). 

The role of lecturers is not only to teach how to use AI, but also to 
guide the feasibility of research topics. Students need to be guided to 
develop feasibility awareness. They should ask themselves: "Is the 
theory I'm using really suitable for machines?" or "Does this research 
add value to my teaching practice?" Lecturers should encourage 
students to become more than just trend-followers, but also critical 
observers of technology, enhancing their understanding of 
technology's implications and encouraging innovative thinking in the 
field (Jones, 2022).  

Future research should make greater use of mixed methods to 
capture the complexity of these interactions and draw on theory 
from the field of Human-Computer Interaction (HCI) to strengthen 
the theoretical foundation of Applied Linguistics. Moving beyond the 
AI hype requires academic courage to re-examine what we consider 
"language learning" and "language use." AI research in ELT must 
remain grounded in human values and theoretical rigor, so that 
technology does not overshadow our primary goal: understanding 
how language empowers people in an increasingly digitalized world. 
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